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Abstract
IMPORTANCE DNA methylation has been proposed as an epigenetic mechanism by which the
childhood neighborhood environment may have implications for the genome that compromise
adult health.

Key Points
Question Is childhood neighborhood
disadvantage associated with
differential DNA methylation?
Findings In this cohort study of 1619

OBJECTIVE To ascertain whether childhood neighborhood socioeconomic disadvantage is

children in Great Britain, exposure to

associated with differences in DNA methylation by age 18 years.

neighborhood socioeconomic
disadvantage during childhood was

DESIGN, SETTING, AND PARTICIPANTS This longitudinal cohort study analyzed data from the

associated with differential DNA

Environmental Risk (E-Risk) Longitudinal Twin Study, a nationally representative birth cohort of

methylation at age 18 years in genes

children born between 1994 and 1995 in England and Wales and followed up from age 5 to 18 years.

involved in inflammation, exposure to

Data analysis was performed from March 15, 2019, to June 30, 2019.

tobacco smoke, and metabolism of toxic
air pollutants.

EXPOSURES High-resolution neighborhood data (indexing deprivation, dilapidation, disconnection,
and dangerousness) collected across childhood.

Meaning The study found that children
who were raised in socioeconomically
disadvantaged neighborhoods

MAIN OUTCOMES AND MEASURES DNA methylation in whole blood was drawn at age 18 years.
Associations between neighborhood socioeconomic disadvantage and methylation were tested
using 3 prespecified approaches: (1) testing probes annotated to candidate genes involved in

appeared to enter young adulthood
epigenetically distinct from their more
advantaged peers.

biological responses to growing up in socioeconomically disadvantaged neighborhoods and
investigated in previous epigenetic research (stress reactivity–related and inflammation-related
genes), (2) polyepigenetic scores indexing differential methylation in phenotypes associated with
growing up in disadvantaged neighborhoods (obesity, inflammation, and smoking), and (3) a theoryfree epigenome-wide association study.
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RESULTS A total of 1619 participants (806 female individuals [50%]) had complete neighborhood
and DNA methylation data. Children raised in socioeconomically disadvantaged neighborhoods
exhibited differential DNA methylation in genes involved in inflammation (β = 0.12; 95% CI,
0.06-0.19; P < .001) and smoking (β = 0.18; 95% CI, 0.11-0.25; P < .001) but not obesity (β = 0.05;
95% CI, −0.01 to 0.11; P = .12). An epigenome-wide association study identified multiple CpG sites at
an arraywide significance level of P < 1.16 × 10−7 in genes involved in the metabolism of
hydrocarbons. Associations between neighborhood disadvantage and methylation were small but
robust to family-level socioeconomic factors and to individual-level tobacco smoking.
CONCLUSIONS AND RELEVANCE Children raised in more socioeconomically disadvantaged
neighborhoods appeared to enter young adulthood epigenetically distinct from their less
disadvantaged peers. This finding suggests that epigenetic regulation may be a mechanism by which
the childhood neighborhood environment alters adult health.
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Introduction
Children raised in socioeconomically disadvantaged neighborhoods grow up to have worse health as
adults compared with their peers from more affluent communities,1-3 a phenomenon not fully
explained by individual- or family-level socioeconomic factors or by the self-selection of families with
more illness to move into poorer neighborhoods.4-6 Environmentally induced alterations to the
epigenome have been proposed as one potential mechanism linking early-life neighborhood
environments to later-life disease and dysfunction.7,8 Although previous studies have reported an
association between individual-level socioeconomic factors and differential DNA methylation
patterns,9-12 only a handful have evaluated whether characteristics of the wider neighborhood
environment demonstrate a corresponding, and independent, association with epigenetic
differences.
To our knowledge, 7 studies have tested for DNA methylation differences among individuals
living along neighborhood socioeconomic gradients (eTable 1 in the Supplement).13-19 Each study
reported associations between measured neighborhood characteristics and some DNA methylation
targets, supporting the premise that the neighborhood environment may have implications for the
epigenome. These studies are not without limitations, however.14 First, some were underpowered to
detect subtle associations; of the 7 studies, 5 had fewer than 250 participants. Second, most
quantified DNA methylation at sites that collectively represent only a small subset of potential
targets. Third, none was able to rule out the possibility that methylation differences resulted from the
proximal behaviors (eg, smoking) or conditions (eg, obesity) that characterize individuals living in
socioeconomically disadvantaged neighborhoods.
In this cohort study, we sought to replicate and expand the initial reports about neighborhood
characteristics and DNA methylation using data from participants in the Environmental Risk (E-Risk)
Longitudinal Twin Study, a nationally representative birth cohort of same-sex twins born between
1994 and 1995 in England and Wales and followed up to age 18 years (through September 2014).20
The E-Risk Study cohort included ample numbers of children growing up in Britain’s most
disadvantaged local areas. We measured multiple aspects of the participants’ neighborhoods across
childhood and adolescence, indexing neighborhood deprivation, dilapidation, disconnection, and
dangerousness. We then integrated neighborhood assessments with measures of DNA methylation
in whole blood drawn at age 18 years to test the hypothesis that children raised in more
socioeconomically disadvantaged neighborhoods show differential methylation patterns in young
adulthood compared with their peers raised in more advantaged neighborhoods.
We preregistered 3 distinct approaches to studying the associations between neighborhood
socioeconomic disadvantages and methylation: (1) methylation of probes that were annotated to
candidate genes putatively involved in biological responses to growing up in disadvantaged
environments (ie, stress reactivity–related and inflammation-related genes),18 (2) methylation of
probes known to be differentially methylated in phenotypes associated with growing up in
socioeconomically disadvantaged environments (ie, obesity, inflammation, and smoking), and (3)
methylation of probes identified through an epigenome-wide association study (EWAS) of the
association between neighborhood disadvantage and quantitative methylation measured at
approximately 430 000 CpG sites on the Illumina 450k methylation assay (Infinium
HumanMethylation450 BeadChip; Illumina, Inc).

Methods
The Joint South London and Maudsley and the Institute of Psychiatry Research Ethics Committee
approved each phase of the E-Risk Study. Parents gave written informed consent, and the twins gave
assent at age 5 to 12 years and then informed consent at age 18 years. Further details are reported
elsewhere20 and in the eAppendix 1 in the Supplement. We followed the Strengthening the
Reporting of Observational Studies in Epidemiology (STROBE) reporting guideline.
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E-Risk Study Cohort
The current study uses a sample of the E-Risk Study cohort with complete DNA methylation data.
Participants are members of the E-Risk Study, which tracked the development of a nationally
representative birth cohort of 2232 twin children born between 1994 and 1995 in England and Wales
and initially assessed at age 5 years. The cohort comprised 1242 monozygotic (56%) and 990
dizygotic (44%) twins; sex was evenly distributed within zygosity (1092 male [49%] and 1140 female
[51%] children). Follow-up home visits were conducted when participants were aged 7 years (98%
participation), 10 years (96%), 12 years (96%), and 18 years (93%). The cohort’s neighborhoods
represented the full range of socioeconomic conditions in Great Britain. The participants’ addresses
were a near-perfect match to the deciles of the UK government’s 2015 Lower-layer Super Output
Area Index of Multiple Deprivation,21 which ranked neighborhoods by relative deprivation at an area
level of approximately 1500 residents (eFigure in the Supplement). Approximately 10% of the E-Risk
Study cohort filled each of the 10% bands of the Index of Multiple Deprivation, indicating that the
cohort accurately represented the distribution of deprivation in Great Britain.

Measures
Neighborhood Disadvantage or Ecological Risk Index
Neighborhood disadvantage was measured through an ecological risk assessment, which collected
information from 4 independent sources of data (Box): (1) local government data, (2) criminal justice
data, (3) systematic social observation (using Google Street View), and (4) surveys of neighborhood
residents (conducted by the E-Risk Study team).
We used these data sources to measure 4 neighborhood characteristics across childhood from
age 5 to 17 years: deprivation, dilapidation, disconnection, and dangerousness. These measures have
been previously described22 (eAppendix 2 in the Supplement).
For each of these 4 characteristics, we constructed a measure of ecological risk as follows. First,
variables with skewed distributions were log transformed. Second, values were standardized to have
a mean (SD) of 50 (10). Third, mean scores were calculated across measurement method within each
domain. The resulting scales of deprivation, dilapidation, disconnection, and dangerousness were
approximately normally distributed. Neighborhoods’ ecological risk levels on these 4 measures were
correlated (Pearson r = 0.5-0.7) (eTable 2 in the Supplement). We computed the composite
Ecological Risk Index by summing the values across the 4 measures. Ecological Risk Index values
were generated for 2172 children (97% of the cohort).

Box. Four Data Sources for Assessing the
Ecological Risk Index
Local Government Data

Genome-Wide Quantification of DNA Methylation
The present epigenetic study used DNA from a single tissue: blood. Whole blood was collected in
10-mL K2 EDTA tubes from 1700 participants (82%) at age 18 years and was assayed for 1669
participants (31 blood samples were not useable because of low DNA concentration). DNA
methylation was quantified using an Illumina 450k methylation assay (Infinium

Income and employment statistics
Health and disability records
Education, skills, and training attainment
Risk of crime
Barriers to housing and services
Quality of the local living environment

HumanMethylation450 BeadChip; Illumina, Inc) run on an array scanner (iScan System; Illumina, Inc).
Blood samples from 1658 E-Risk Study participants passed the quality control pipeline (eAppendix 3
in the Supplement).

Statistical Analysis
As mentioned earlier, we preregistered 3 approaches to studying the associations between
neighborhood disadvantage and DNA methylation (Figure 1). These approaches involved testing

Criminal Justice Data
Total number of monthly street-level
crimes
Systematic Social Observation
Environmental decay
Physical disorder
Perceived dangerousness

probes annotated to candidate genes, using polyepigenetic scores that index phenotypes associated
with growing up in disadvantaged environments, and conducting an EWAS.
Approach 1: Testing Candidate Genes
We interrogated 18 candidate genes that have been studied in the most detailed report about
neighborhood disadvantage and DNA methylation.18 These genes included 7 stress reactivity–related
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(with 13-66 probes annotated to each) and 11 inflammation-related (with 3-16 probes annotated to
each) genes (eTable 3 and eAppendix 4 in the Supplement).
We tested the associations between neighborhood disadvantage (assessed through the
Ecological Risk Index) and probes annotated to these 18 candidate genes using generalized
estimating equations following 3 steps. First, we applied a basic model in which probe methylation
was regressed onto the neighborhood Ecological Risk Index and covariates of sex, methylation array
control probe principal components indexing technical variation, and cell-type proportion estimates.
A gene-wide significance threshold was derived for each gene by applying a Bonferroni correction
to the nominal α = .05, with adjustment for number of probes tested (between 3 and 66) (eTable 3 in
the Supplement). Second, we subjected the probes identified as gene-wide significant in the basic
model to a smoking-adjusted model that controlled for a known implication of smoking for
methylation data by adding information about the 18-year-old participants’ tobacco pack-years.23
Third, we subjected the probes identified as gene-wide significant in the smoking-adjusted model to
a family socioeconomic status–adjusted model that added information about family social class
(measured through a composite of parental income, education, and occupation).24
Approach 2: Testing Polyepigenetic Scores
Leveraging the observation that an EWAS of DNA methylation typically identifies multiple differently
methylated CpG sites spread across multiple genes, we drew on previous EWAS reports about DNA
methylation and obesity,25 inflammation,26 and tobacco smoking27 to create composite
polyepigenetic scores that indexed the methylation correlates of these phenotypes. These
phenotypes were chosen because they represented substantial public health and economic burden,
were associated with neighborhood characteristics in previous studies,28-33 were prevalent among
18-year-old individuals in the UK at the time study data were collected, and had been subject to largescale EWASs. Polyepigenetic scores were calculated by averaging the product of CpG probe
intensities in the data and estimated coefficients across each of the CpG probes identified as
epigenome-wide significant in previous meta-analyses of obesity,25 inflammation,26 and tobacco
smoking.27 Scores were standardized to a mean (SD) of 0 (1) (eAppendix 5 in the Supplement).
We tested associations between neighborhood disadvantage and the polyepigenetic scores
using ordinary least squares linear regression. Each score was examined using 3 models. First, we
applied a basic model in which the polyepigenetic score was regressed onto the neighborhood
Ecological Risk Index with the covariate of sex. Second, we applied a phenotype-adjusted model in
which the polyepigenetic score was regressed onto neighborhood disadvantage and the covariates
of sex and the age-18 phenotype relevant to the polyepigenetic score (obesity status, C-reactive
protein level, and tobacco pack-years). This model was built to take into account the known
implication of the phenotypes for the relevant polyepigenetic scores to ascertain whether the
associations between the neighborhood and the epigenome were independent of individual health

Figure 1. Analytic Approaches to Testing the Epigenetic Associations of Growing Up
in Disadvantaged Neighborhoods
Neighborhood disadvantage (Ecological Risk Index)

1. Candidate genes
Testing probes annotated to genes
implicated in biological processes
associated with neighborhood
disadvantage

2. Polyepigenetic scores
Testing probes known to be
differentially methylated among
phenotypes associated with
neighborhood disadvantage

3. Theory-free EWAS
Testing all probes on the Illumina 450k
methylation array in a hypothesis-free
framework

11 Stress reactivity–related genes
(3-16 probes each)
7 Stress reactivity–related genes
(13-16 probes each)

Polyepigenetic scores for:
Obesity
Inflammation
Smoking

Approximately 430 000 probes
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behaviors or conditions (eAppendix 5 in the Supplement). Third, we applied a family socioeconomic
status–adjusted model in which the polyepigenetic score was regressed onto neighborhood
disadvantage and the covariates of sex and family socioeconomic status.
Approach 3: Epigenome-Wide Association Study
In an EWAS, we tested the association between participants' childhood neighborhood disadvantage
and their DNA methylation status across the epigenome (ie, on approximately 430 000 probes
included in the data set from the Infinium HumanMethylation450 BeadChip array) using generalized
estimating equations.
Three modeling steps were used. First, we applied a basic model in which probe methylation
was regressed onto the neighborhood Ecological Risk Index and covariates of sex, methylation array
control probe principal components indexing technical variation, and cell-type proportion estimates.
An arraywide significance threshold of P < 1.16 × 10−7 was derived by applying a Bonferroni
correction to the nominal α = .05, thereby adjusting for the 430 802 probes tested. Second, we
subjected probes identified as arraywide significant in the basic model to a smoking-adjusted model
that added information about 18-year-old participants’ pack-years to the basic model. Third, we
subjected probes identified as arraywide significant in the smoking-adjusted model to a family
socioeconomic status–adjusted model that added information about family social class.
Additional Statistical Notes
Because the E-Risk Study comprised twins, we accounted for the nonindependence of children
within families in all models by adjusting the SEs, using the gee package for analyses conducted in R
(R Foundation for Statistical Computing) and the Robust Cluster command for analyses conducted in
Stata (StataCorp LLC). As a sensitivity test, all statistically significant models were subjected to
additional statistical adjustment for twin zygosity status (monozygotic vs dizygotic), which did not
change the results.
The premise and analysis plan for the present study were preregistered. Findings reported
herein were checked for reproducibility by an independent data analyst, who recreated the code
from the manuscript and applied it to a fresh data set.
Summary statistics of associations between neighborhood disadvantage and all DNA
methylation probes on the methylation array are available on Open Science Framework.34
Methylation values were modeled as β values, which reflect the proportion of methylation, ranging
from 0 to 1. Data analysis was performed from March 15, 2019, to June 30, 2019.

Results
The Ecological Risk Index of childhood neighborhood disadvantage was generated for 2172
participants (97% of the full cohort [n = 2232]). Blood was collected from 1700 participants at age 18
years (82% of the cohort seen at that age [n = 2073]). Blood samples from 1658 participants passed
the quality control pipeline (eAppendix 3 in the Supplement). Statistical analyses were performed on
1619 participants (73% of 2232), of whom 806 were female individuals (50%), with complete
neighborhood and DNA methylation data (Table). No differences in socioeconomic background
(t2230 = 1.174; P = .24) or neighborhood deprivation status, as measured by the Index of Multiple
Deprivation (t2154 = –0.893; P = .37), were found between participants with or without complete
neighborhood and methylation data.

Neighborhood Disadvantage and Epigenetic Variation in Genes Involved
in Inflammation and Stress Reactivity
Children raised in more socioeconomically disadvantaged neighborhoods did not display gene-wide
significant differences in DNA methylation on most probes annotated to stress reactivity–related or
inflammation-related genes. Overall, across the 317 probes annotated to the 18 candidate genes,
JAMA Network Open. 2020;3(6):e206095. doi:10.1001/jamanetworkopen.2020.6095 (Reprinted)
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associations crossed the threshold for gene-wide significance for only 1 probe that was annotated to
the inflammation-related gene NLRP12 (91662; cg07042144; β = 0.07; 95% CI, 0.03-0.11; P = .001). This
association remained gene-wide significant (P < .006) after adjustment for participants’ tobacco
pack-years (β = 0.06; 95% CI, 0.02-0.10; P = .003) but not after adjustment for family socioeconomic
status (β = 0.06; 95% CI, 0.01-0.11; P = .02).

Neighborhood Disadvantage and Polyepigenetic Scores Associated
With Inflammation, Obesity, and Smoking Phenotypes
We drew on published EWAS findings25-27 on 3 phenotypes of public health importance that were
previously associated with neighborhood disadvantage (obesity, inflammation, and smoking). We
constructed DNA methylation–based algorithms to capture manifold methylation differences in a
single polyepigenetic score for each phenotype. Each resulting polyepigenetic score correlated
statistically significantly with its phenotype at age 18 years in the E-Risk Study cohort (obesity:
r = 0.35 [95% CI, 0.30-0.39; P < .001]; inflammation: r = 0.23 [95% CI, 0.18-0.28; P < .001]; and
smoking: r = 0.45 [95% CI, 0.41-0.49; P < .001]). We then tested the associations between
neighborhood disadvantage and these polyepigenetic scores (Figure 2). Three findings
were notable.
First, children raised in more disadvantaged neighborhoods did not display statistically
significantly greater obesity-related DNA methylation compared with their peers from less
disadvantaged neighborhoods, as indexed by the obesity polyepigenetic score (β = 0.05; 95% CI,

Table. Demographic Characteristics of Environmental Risk Longitudinal Twin Study Participants
No. (%)
Full sample
(n = 2232)

With complete
data (n = 1619)

Without complete
data (n = 574)

P value

Female

1140 (51)

806 (50)

334 (55)

NA

Male

1092 (49)

813 (50)

279 (45)

NA

Monozygotic

1242 (56)

916 (57)

326 (53)

NA

Dizygotic

990 (44)

703 (43)

287 (47)

NA

Low

742 (33)

550 (34)

192 (31)

Middle

738 (33)

532 (33)

206 (34)

Variable
Sex

Abbreviations: NA, not applicable; SES,
socioeconomic status.
a

Family SES was measured with a composite of
parental income, educational level, and occupation
divided into tertiles (ie, low [1], middle [2], and highSES [3]).

b

Neighborhood deprivation status was measured with
the UK government’s 2015 Lower-layer Super Output
Area Index of Multiple Deprivation, which ranked
British neighborhoods by relative deprivation at an
area level of approximately 1500 residents;
approximately 10% of the E-Risk Study cohort filled
each of the index’s 10% bands. The deprivation
measure was scaled within the full cohort to a mean
(SD) of 1 (0).

Zygosity

Family SESa

High
Neighborhood deprivation status,b mean (SD)
No.

.24

752 (34)

537 (33)

215 (35)

0.00 (1.00)

0.01 (1.00)

−0.03 (1.00)

.37

2156

1564

592

NA

Figure 2. Association of Childhood Neighborhood Disadvantage With Young Adult Polyepigenetic Scores
0.30

Unadjusted
Adjusted for relevant phenotype
Adjusted for family socioeconomic status

Association with neighborhood
disadvantage, β

0.25
0.20
0.15
0.10
0.05
0
–0.05
–0.10
Obesity

Inflammation

Smoking

Polyepigenetic score
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−0.01 to 0.11; P = .12). Second, children raised in more disadvantaged neighborhoods displayed
greater inflammation-related DNA methylation compared with their peers from less disadvantaged
neighborhoods, as indexed by the inflammation polyepigenetic score (β = 0.12; 95% CI, 0.06-0.19;
P < .001). Adjusting for the relevant phenotype, C-reactive protein level did not alter the results
(β = 0.13; 95% CI, 0.07-0.19; P < .001). Adjusting for family socioeconomic status attenuated the
effect size to β = 0.07 (95% CI, 0.004-0.15), but the association remained statistically significant at
P = .04. Third, children raised in more disadvantaged neighborhoods displayed greater smokingrelated DNA methylation compared with their peers from less disadvantaged neighborhoods, as
indexed by the smoking polyepigenetic score (β = 0.18; 95% CI, 0.11-0.25; P < .001). Adjusting for the
relevant phenotype, tobacco pack-years attenuated the effect size to β = 0.11 (95% CI, 0.05-0.17),
as did adjusting for family socioeconomic status (to β = 0.09; 95% CI, 0.02-0.17), although the
association remained statistically significant in both cases (P < .05).

Neighborhood Disadvantage and Epigenetic Variation Across the Entire
Illumina 450K Array
Children raised in more disadvantaged neighborhoods displayed arraywide significant differences
(P < 1.16 × 10−7) in DNA methylation at age 18 years at 6 positions (Figure 3A) annotated to the
CNTNAP2 (26047), CYP1A1 (1543), AHRR (57491), and OR4C13 (283092) genes. Of these 6 arraywide
significant probes, 3 were annotated to the CYP1A1 gene. Probes annotated to the CYP1A1 gene
accounted for 8 of the top 20 most significant CpG sites, as ranked by P value (all P < 1.31 × 10−6). After
adjustment for tobacco pack-years, 3 sites remained arraywide significant (Figure 3B), with 2 annotated
to the CYP1A1 gene (cg13570656 and cg00213123) and 1 annotated to the CNTNAP2 gene
(cg25949550). Two other CYP1A1 gene sites approached the significance threshold, with cg17852385
reaching P = 1.23 × 10−7 and cg12101586 reaching P = 1.37 × 10−7. These 5 probes remained significant
after adjustment for family socioeconomic status, although the effect sizes of the associations were
attenuated (eTable 4 in the Supplement). Given that the CNTNAP2 and CYP1A1 genes were previously
associated with maternal smoking while pregnant,35 we applied additional post hoc adjustment for
maternal smoking to these 5 probes. The size of the associations with neighborhood disadvantage was
attenuated, but all probes remained significant (eTable 4 in the Supplement).

Air Pollution and Epigenetic Differences Associated With Neighborhood
Disadvantage: Exploratory Secondary Analysis
Was air pollution implicated in young adult epigenetic differences associated with neighborhood
disadvantage? The CYP1A1 gene encodes a member of the cytochrome P450 superfamily of
monooxygenase enzymes that is specifically involved in the metabolism of polycyclic aromatic
hydrocarbons (PAHs),36 the toxic byproducts of organic material combustion found in cigarette
smoke and emissions from residential heating, coke production, waste incineration, and internal
combustion engines.37 After the primary EWAS finding of the associations between neighborhood
disadvantage and multiple probes annotated to the CYP1A1 gene that survived adjustment for study
participants’ tobacco smoking and prenatal exposure to smoking, we designed post hoc exploratory
follow-up analyses to test the hypothesis that toxic air pollutants other than cigarette smoke were
associated with differential methylation in the CYP1A1 gene across neighborhoods.
We used 2 measures of annual air pollution exposure estimated for the E-Risk Study participants
at age 17 years: (1) exposure to nitrogen oxides (NOx), a regulated gaseous pollutant composed of
nitrogen dioxide and nitric oxide and (2) exposure to fine particulate matter (PM2.5), a regulated
aerosol pollutant with suspended solid and liquid particles smaller than 2.5 μm in diameter. Hourly
pollution exposure estimates were modeled down to individual streets on which participants lived
and spent most of their time and were calculated to estimate the mean pollutant-level exposure
across 1 year (2012) preceding the assessment of participants at age 18 years (eAppendix 6 in the
Supplement). Although not direct measures of PAH, NOx and PM2.5 represent byproducts of the
incomplete combustion of organic material, with NOx, in particular, associated with common PAH
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sources.37 In general, participant exposure to NOx (mean [SD] annual level, 25.71 [16.28] μg/m3)
declined within World Health Organization guidelines for nitrogen dioxide (40 μg/m3), a component
of NOx, whereas exposure to PM2.5 (mean [SD] annual level, 11.24 [2.18] μg/m3) exceeded World
Health Organization guidelines (10 μg/m3).38 Levels of both pollutants were higher in more
disadvantaged neighborhoods (r = 0.32 [P < .001] between neighborhood disadvantage and
exposure to NOx and r = 0.22 [P < .001] between neighborhood disadvantage and exposure to
PM2.5).

Figure 3. Association of Childhood Neighborhood Disadvantage With Epigenome-Wide DNA Methylation
at Age 18 Years
A Associations in the basic sex-adjusted model
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A, Associations with 6 probes passed the arraywide
multiple testing threshold (P < 1.16 × 10−7; orange line),
3 of which were annotated to the CYP1A1 gene on
chromosome 15. Sixty-six probes passed the
suggestive significance threshold (P < 1.0 × 10−5; blue
line). B, Associations with 3 probes remained
significant after adjustment for smoking status, 2 of
which were annotated to the CYP1A1 gene and 1 to the
CNTNAP2 gene. Two other probes annotated to the
CYP1A1 gene approached arraywide significance
(P = 1.23 × 10−7 and P = 1.37 × 10−7) in the smokingadjusted model. Fifty-nine probes passed the
suggestive significance threshold, including 8
annotated to the CYP1A1 gene. C, Smoking-adjusted
associations shown with additional notation about
probe associations with air pollution exposure. Large
circles represent the top probes that were also
significantly associated with nitrogen oxides (NOx) air
pollution exposure, with darker color indicating smaller
P values for the association. Of the top 20 probes from
the smoking-adjusted epigenome-wide association
study of neighborhood disadvantage, 12 were
significantly associated with NOx air pollution
exposure at the α = .05 level, 4 at the α = .01 level, and
1 at a level corrected for multiple testing of 20 tests
(P < .001).
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Using ordinary least squares multiple regression, we tested the association of the top 20
differentially methylated probes identified in the smoking-adjusted EWAS of neighborhood
disadvantage, as ranked by P value, with estimates of participant exposure to NOx and PM2.5
(eTable 5 in the Supplement). With NOx, associations for 12 of the top 20 probes achieved
significance at the α = .05 level, 4 probes at the α = .01 level, and 1 probe at a level corrected for
multiple testing of 20 tests, P < .001 (Figure 3C). With PM2.5, associations for 3 of the top 20 probes
achieved significance at the α = .05 level, 2 probes at the α = .01 level, and 0 probe at a level adjusted
for 20 tests, P < .001.

Discussion
Three findings emerged from this longitudinal cohort study of the association between childhood
neighborhood socioeconomic disadvantage and young adult DNA methylation. First, children raised
in more disadvantaged neighborhoods did not, when compared with their peers who were raised in
less disadvantaged neighborhoods, display any marked pattern of differential DNA methylation
among probes indexed to candidate genes that were tested in previous epigenetic research on
neighborhood effects. This finding represents a failure to replicate in a young adult sample a previous
report about DNA methylation among older adults aged 45 to 84 years living in disadvantaged
neighborhoods.18 This inability to replicate the result may reflect differences in accumulated
epigenetic burden between those who have lived in disadvantaged neighborhoods for a short time
(ⱕ18 years) and those who have lived there for multiple decades. It likely does not result from
differences in power, as this study had a larger sample than the work by Smith et al.18
Second, children raised in more disadvantaged neighborhoods displayed greater DNA
methylation associated with inflammation and tobacco smoking but not with obesity. This finding
represents a partial replication of a previous report.18 These results held even after adjustment for
inflammation and smoking phenotypes. Epigenetic signatures of inflammation and smoking without
elevated C-reactive protein levels and smoking behavior may be explained by 3 hypotheses: (1) they
could represent the historical trace of a former phenotype that is no longer present; (2) they could
signal a future condition that is yet to emerge, to the extent that these epigenetic signatures are not
outcomes but causes; and (3) they could indicate the presence of phenotypes associated with
inflammation and smoking that were not observed in this study, such as non–C-reactive protein–
related inflammation and non–tobacco smoke–related air pollutant exposure. We were unable to
empirically adjudicate between these 3 possibilities.
Third, in a hypothesis-free EWAS, 18-year-old participants raised in more disadvantaged
neighborhoods displayed differential methylation of probes annotated to the CNTNAP2 and CYP1A1
genes. Adjustment for tobacco smoking, family socioeconomic status, and in utero exposure to
maternal smoking reduced the size of these associations but did not account for them entirely. The
CYP1A1 gene is putatively involved in the metabolism of PAH found in cigarette smoke and ambient
outdoor air pollution. Exploratory follow-up tests using 2 measures of air pollutant exposure (NOx
and PM2.5) identified statistically significant associations between neighborhood disadvantage–
related probes, particularly at the CYP1A1 gene, and adolescent exposure to air pollution. Air pollution
may be associated with epigenetic differences among young adults raised in different
neighborhoods. Notably, the CYP1A1 gene is believed to encode an enzyme specifically involved in
the activation of PAH carcinogenic intermediates36,39; the gene’s activity has consequently been
associated with lung cancer risk after PAH exposure.39-41 Evidence suggests that the EWAS-identified
CYP1A1 probes are located within a CYP1A1 gene-enhancer region.42 Thus, differential expression of
the CYP1A1 gene may represent a pathway linking the childhood neighborhood environment to risk of
disease in adulthood.
To our knowledge, this cohort study is the largest and most comprehensive test of the
hypothesis that epigenetic regulation may be 1 biological pathway through which neighborhood
disadvantage gets under the skin to engender long-term health disparities. If confirmed, these
JAMA Network Open. 2020;3(6):e206095. doi:10.1001/jamanetworkopen.2020.6095 (Reprinted)
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findings suggest that policy interventions at the neighborhood level could alter long-term child
health trajectories.

Limitations
This study has some limitations. First, we used DNA only from blood. The findings may not generalize
to other tissues. Second, across all probes on the array, the effect sizes were small. In the top 20
EWAS-identified probes, study participants raised in the least disadvantaged neighborhoods
(bottom 10% on the Ecological Risk Index) displayed, in general, between 1% and 4% difference in
DNA methylation compared with participants raised in the most disadvantaged neighborhoods (top
10% on the Ecological Risk Index). Differences of this size may not have practical biological effects,
although small shifts in methylation can have meaningful implications at the cell level.43 Third,
although the availability of air pollution exposure data allowed for exploratory follow-up tests, no
direct measure of PAH exposure or air pollution exposure across childhood was available. The air
pollution findings should be considered suggestive. Fourth, this study involved only 1 cohort in only 1
country. To encourage replication in other settings, particularly among other long-term studies of
children and adolescents, we have made the results of this study available on Open Science
Framework,34 and we encourage replication. Fifth, this study was observational and did not establish
causation.

Conclusions
This study presents evidence that neighborhood disadvantage is associated with DNA methylation
differences in genes involved in inflammation, exposure to tobacco smoke, and metabolism of toxic
air pollutants. Collectively, these results suggest that children raised in disadvantaged neighborhoods
enter adulthood epigenetically distinct from their more advantaged peers.

ARTICLE INFORMATION
Accepted for Publication: February 18, 2020.
Published: June 1, 2020. doi:10.1001/jamanetworkopen.2020.6095
Open Access: This is an open access article distributed under the terms of the CC-BY License. © 2020 Reuben A
et al. JAMA Network Open.
Corresponding Author: Aaron Reuben, MEM, Department of Psychology and Neuroscience, Duke University,
2020 W Main St, Durham, NC 27705 (aaron.reuben@duke.edu).
Author Affiliations: Department of Psychology and Neuroscience, Duke University, Durham, North Carolina
(Reuben, Sugden, Moffitt, Rasmussen, Williams, Caspi); Social, Genetic, and Developmental Psychiatry Centre,
Institute of Psychiatry, Psychology & Neuroscience, King’s College London, London, United Kingdom (Arseneault,
Danese, Fisher, Moffitt, Newbury, Caspi); Center for Genomic and Computational Biology, Duke University,
Durham, North Carolina (Corcoran, Moffitt, Prinz, Caspi); Institute of Psychiatry, Psychology & Neuroscience,
Department of Child & Adolescent Psychiatry, King’s College London, London, United Kingdom (Danese); National
and Specialist Child and Adolescent Mental Health Service Clinic for Trauma, Anxiety, and Depression, South
London and Maudsley National Health Service Foundation Trust, London, United Kingdom (Danese); Department
of Psychiatry and Behavioral Sciences, Duke University, Durham, North Carolina (Moffitt, Caspi); Sanford School
of Public Policy, Duke University, Durham, North Carolina (Odgers); Department of Psychological Science,
University of California, Irvine, Irvine (Odgers); Clinical Research Centre, Copenhagen University Hospital Amager
and Hvidovre, Hvidovre, Denmark (Rasmussen); University of Exeter Medical School, University of Exeter, Exeter,
United Kingdom (Mill).
Author Contributions: Mr Reuben had full access to all of the data in the study and takes responsibility for the
integrity of the data and the accuracy of the data analysis.
Concept and design: Reuben, Moffitt, Newbury, Caspi.
Acquisition, analysis, or interpretation of data: All authors.
Drafting of the manuscript: Reuben, Moffitt, Caspi.

JAMA Network Open. 2020;3(6):e206095. doi:10.1001/jamanetworkopen.2020.6095 (Reprinted)

Downloaded From: https://jamanetwork.com/ on 06/01/2020

June 1, 2020

10/13

JAMA Network Open | Pediatrics

Association of Neighborhood Disadvantage in Childhood With DNA Methylation in Young Adulthood

Critical revision of the manuscript for important intellectual content: Sugden, Arseneault, Corcoran, Danese, Fisher,
Moffitt, Newbury, Odgers, Prinz, Rasmussen, Williams, Mill.
Statistical analysis: Reuben, Sugden, Prinz, Rasmussen.
Obtained funding: Arseneault, Danese, Fisher, Moffitt, Mill, Caspi.
Administrative, technical, or material support: Corcoran, Danese, Newbury, Odgers, Williams.
Supervision: Moffitt, Odgers, Caspi.
Conflict of Interest Disclosures: Mr Reuben reported receiving grants from the National Institute of
Environmental Health Sciences (NIEHS) during the conduct of the study. Dr Arseneault reported being the Mental
Health Leadership Fellow for the Economic and Social Research Council (ESRC). Dr Fisher reported receiving grants
from MQ Charity; British Academy; and the Natural Environment Research Council, UK Medical Research Council
(UKMRC), and Chief Scientist Office during the conduct of the study. No other disclosures were reported.
Funding/Support: The E-Risk Study was funded by grant G1002190 from the UKMRC. The present study was
supported by grant HD077482 from the Eunice Kennedy Shriver National Institute of Child Health and Human
Development; funding from Google, the American Asthma Foundation, and the Jacobs Foundation; and joint grant
NE/P010687/1 from the Natural Environment Research Council, UKMRC, and Chief Scientist Office. Data support
was provided by grant 2016-IDG-1013 from the Duke University Social Science Research Institute and the North
Carolina Biotechnology Center. DNA methylation profiling was supported by an American Asthma Foundation
Senior Investigator Award (Dr Mill). The authors were supported in part by grant F31ES029358 from the NIEHS (Mr
Reuben), fellowships from Jacobs Foundation and the Canadian Institute for Advanced Research (Dr Odgers), MQ
Fellows Award MQ14F40 and a British Academy Mid-Career Fellowship grant MD/170005 (Dr Fisher),
postdoctoral fellowship grant ES/S011196/1 from the ESRC (Dr Newbury), postdoctoral fellowship award R2882018-380 from the Lundbeck Foundation (Dr Rasmussen), and grants from the National Institute for Health
Research (NIHR) Biomedical Research Centre at the South London and Maudsley NHS Foundation Trust and King’s
College London (Dr Danese).
Role of the Funder/Sponsor: The funders had no role in the design and conduct of the study; collection,
management, analysis, and interpretation of the data; preparation, review, or approval of the manuscript; and
decision to submit the manuscript for publication.
Disclaimer: The views expressed herein are those of the authors and do not reflect the official policy or position
of the NHS, the NIHR, or the Department of Health and Social Care.
Additional Contributions: We are grateful to the E-Risk Study participants. We thank the members of the E-Risk
Study team for their dedication, hard work, and insights. Sean Beevers, PhD, and Nutthida Kitwiroon, PhD, King's
College London, and CACI Inc assisted with modeling the air pollution data. These individuals received no
additional compensation, outside of their usual salary, for their contributions.
REFERENCES
1. Burdette AM, Needham BL. Neighborhood environment and body mass index trajectories from adolescence to
adulthood. J Adolesc Health. 2012;50(1):30-37. doi:10.1016/j.jadohealth.2011.03.009
2. Hayward MD, Gorman BK. The long arm of childhood: the influence of early-life social conditions on men’s
mortality. Demography. 2004;41(1):87-107. doi:10.1353/dem.2004.0005
3. Lippert AM, Evans CR, Razak F, Subramanian SV. Associations of continuity and change in early neighborhood
poverty with adult cardiometabolic biomarkers in the United States: results from the National Longitudinal Study
of Adolescent to Adult Health, 1995–2008. Am J Epidemiol. 2017;185(9):765-776. doi:10.1093/aje/kww206
4. Diez Roux AV, Mair C. Neighborhoods and health. Ann N Y Acad Sci. 2010;1186:125-145. doi:10.1111/j.1749-6632.
2009.05333.x
5. Marmot M. Social determinants of health inequalities. Lancet. 2005;365(9464):1099-1104. doi:10.1016/
S0140-6736(05)74234-3
6. Minh A, Muhajarine N, Janus M, Brownell M, Guhn M. A review of neighborhood effects and early child
development: how, where, and for whom, do neighborhoods matter? Health Place. 2017;46:155-174. doi:10.1016/j.
healthplace.2017.04.012
7. Galea S, Uddin M, Koenen K. The urban environment and mental disorders: epigenetic links. Epigenetics. 2011;6
(4):400-404. doi:10.4161/epi.6.4.14944
8. Olden K, Olden HA, Lin Y-S. The role of the epigenome in translating neighborhood disadvantage into health
disparities. Curr Environ Health Rep. 2015;2(2):163-170. doi:10.1007/s40572-015-0048-x
9. Borghol N, Suderman M, McArdle W, et al. Associations with early-life socio-economic position in adult DNA
methylation. Int J Epidemiol. 2012;41(1):62-74. doi:10.1093/ije/dyr147

JAMA Network Open. 2020;3(6):e206095. doi:10.1001/jamanetworkopen.2020.6095 (Reprinted)

Downloaded From: https://jamanetwork.com/ on 06/01/2020

June 1, 2020

11/13

JAMA Network Open | Pediatrics

Association of Neighborhood Disadvantage in Childhood With DNA Methylation in Young Adulthood

10. Fiorito G, Polidoro S, Dugué P-A, et al. Social adversity and epigenetic aging: a multi-cohort study on
socioeconomic differences in peripheral blood DNA methylation. Sci Rep. 2017;7(1):16266. doi:10.1038/s41598017-16391-5
11. Lam LL, Emberly E, Fraser HB, et al. Factors underlying variable DNA methylation in a human community
cohort. Proc Natl Acad Sci U S A. 2012;109(suppl 2):17253-17260. doi:10.1073/pnas.1121249109
12. McDade TW, Ryan C, Jones MJ, et al. Social and physical environments early in development predict DNA
methylation of inflammatory genes in young adulthood. Proc Natl Acad Sci U S A. 2017;114(29):7611-7616. doi:10.
1073/pnas.1620661114
13. Coker ES, Gunier R, Huen K, Holland N, Eskenazi B. DNA methylation and socioeconomic status in a MexicanAmerican birth cohort. Clin Epigenetics. 2018;10:61. doi:10.1186/s13148-018-0494-z
14. Giurgescu C, Nowak AL, Gillespie S, et al. Neighborhood environment and DNA methylation: implications for
cardiovascular disease risk. J Urban Health. 2019;96(January)(suppl 1):23-34. doi:10.1007/s11524-018-00341-1
15. Janusek LW, Tell D, Gaylord-Harden N, Mathews HL. Relationship of childhood adversity and neighborhood
violence to a proinflammatory phenotype in emerging adult African American men: an epigenetic link. Brain Behav
Immun. 2017;60:126-135. doi:10.1016/j.bbi.2016.10.006
16. King KE, Kane JB, Scarbrough P, Hoyo C, Murphy SK. Neighborhood and family environment of expectant
mothers may influence prenatal programming of adult cancer risk: discussion and an illustrative DNA methylation
example. Biodemography Soc Biol. 2016;62(1):87-104. doi:10.1080/19485565.2015.1126501
17. Lei M-K, Beach SRH, Simons RL, Philibert RA. Neighborhood crime and depressive symptoms among African
American women: genetic moderation and epigenetic mediation of effects. Soc Sci Med. 2015;146:120-128. doi:10.
1016/j.socscimed.2015.10.035
18. Smith JA, Zhao W, Wang X, et al. Neighborhood characteristics influence DNA methylation of genes involved
in stress response and inflammation: the Multi-Ethnic Study of Atherosclerosis. Epigenetics. 2017;12(8):
662-673. doi:10.1080/15592294.2017.1341026
19. Wrigglesworth J, Ryan J, Vijayakumar N, Whittle S. Brain-derived neurotrophic factor DNA methylation
mediates the association between neighborhood disadvantage and adolescent brain structure. Psychiatry Res
Neuroimaging. 2019;285:51-57. doi:10.1016/j.pscychresns.2018.12.012
20. Moffitt TE; E-Risk Study Team. Teen-aged mothers in contemporary Britain. J Child Psychol Psychiatry. 2002;
43(6):727-742. doi:10.1111/1469-7610.00082
21. Gov.uk. National statistics. English indices of deprivation 2015. Published September 30, 2015. Accessed April
28, 2020. https://www.gov.uk/government/statistics/english-indices-of-deprivation-2015
22. Belsky DW, Caspi A, Arseneault L, et al. Genetics and the geography of health, behaviour and attainment. Nat
Hum Behav. 2019;3(6):576-586. doi:10.1038/s41562-019-0562-1
23. Thomas DC. Invited commentary: is it time to retire the “pack-years” variable? maybe not! Am J Epidemiol.
2014;179(3):299-302. doi:10.1093/aje/kwt274
24. Trzesniewski KH, Moffitt TE, Caspi A, Taylor A, Maughan B. Revisiting the association between reading
achievement and antisocial behavior: new evidence of an environmental explanation from a twin study. Child Dev.
2006;77(1):72-88. doi:10.1111/j.1467-8624.2006.00857.x
25. Wahl S, Drong A, Lehne B, et al. Epigenome-wide association study of body mass index, and the adverse
outcomes of adiposity. Nature. 2017;541(7635):81-86. doi:10.1038/nature20784
26. Ligthart S, Marzi C, Aslibekyan S, et al; WHI-EMPC Investigators; CHARGE Epigenetics of Coronary Heart
Disease. DNA methylation signatures of chronic low-grade inflammation are associated with complex diseases.
Genome Biol. 2016;17(1):255. doi:10.1186/s13059-016-1119-5
27. Joehanes R, Just AC, Marioni RE, et al. Epigenetic signatures of cigarette smoking. Circ Cardiovasc Genet.
2016;9(5):436-447. doi:10.1161/CIRCGENETICS.116.001506
28. Broyles ST, Staiano AE, Drazba KT, Gupta AK, Sothern M, Katzmarzyk PT. Elevated C-reactive protein in
children from risky neighborhoods: evidence for a stress pathway linking neighborhoods and inflammation in
children. PLoS One. 2012;7(9):e45419. doi:10.1371/journal.pone.0045419
29. Cohen SS, Sonderman JS, Mumma MT, Signorello LB, Blot WJ. Individual and neighborhood-level
socioeconomic characteristics in relation to smoking prevalence among black and white adults in the Southeastern
United States: a cross-sectional study. BMC Public Health. 2011;11:877. doi:10.1186/1471-2458-11-877
30. Keita AD, Judd SE, Howard VJ, Carson AP, Ard JD, Fernandez JR. Associations of neighborhood area level
deprivation with the metabolic syndrome and inflammation among middle- and older-age adults. BMC Public
Health. 2014;14:1319. doi:10.1186/1471-2458-14-1319

JAMA Network Open. 2020;3(6):e206095. doi:10.1001/jamanetworkopen.2020.6095 (Reprinted)

Downloaded From: https://jamanetwork.com/ on 06/01/2020

June 1, 2020

12/13

JAMA Network Open | Pediatrics

Association of Neighborhood Disadvantage in Childhood With DNA Methylation in Young Adulthood

31. Morris T, Manley D, Van Ham M. Context or composition: how does neighbourhood deprivation impact upon
adolescent smoking behaviour? PLoS One. 2018;13(2):e0192566. doi:10.1371/journal.pone.0192566
32. Putrik P, van Amelsvoort L, De Vries NK, et al. Neighborhood environment is associated with overweight and
obesity, particularly in older residents: results from cross-sectional study in Dutch municipality. J Urban Health.
2015;92(6):1038-1051. doi:10.1007/s11524-015-9991-y
33. Sheehan CM, Cantu PA, Powers DA, Margerison-Zilko CE, Cubbin C. Long-term neighborhood poverty
trajectories and obesity in a sample of california mothers. Health Place. 2017;46:49-57. doi:10.1016/j.healthplace.
2017.04.010
34. Open Science Framework. Growing up in disadvantaged neighborhoods and differential DNA methylation.
Deposited June 14, 2019. https://osf.io/t4hkv/
35. Lee KWK, Richmond R, Hu P, et al. Prenatal exposure to maternal cigarette smoking and DNA methylation:
epigenome-wide association in a discovery sample of adolescents and replication in an independent cohort at birth
through 17 years of age. Environ Health Perspect. 2015;123(2):193-199. doi:10.1289/ehp.1408614
36. Stejskalova L, Pavek P. The function of cytochrome P450 1A1 enzyme (CYP1A1) and aryl hydrocarbon receptor
(AhR) in the placenta. Curr Pharm Biotechnol. 2011;12(5):715-730. doi:10.2174/138920111795470994
37. Agency for Toxic Substances and Disease Registry. Toxicological profile for polycyclic aromatic hydrocarbons
(PAHs). Accessed May 2, 2019. https://www.atsdr.cdc.gov/toxprofiles/tp.asp?id=122&tid=25
38. World Health Organization. Air quality guidelines—global update 2005. Accessed June 11, 2019. https://www.
who.int/airpollution/publications/aqg2005/en/
39. Wright CM, Larsen JE, Colosimo ML, et al. Genetic association study of CYP1A1 polymorphisms identifies risk
haplotypes in nonsmall cell lung cancer. Eur Respir J. 2010;35(1):152-159. doi:10.1183/09031936.00120808
40. Nie JS, Zhang HM, Sun JY, Zeng P, Zhang L, Niu Q. Relationship between CYP1A1 gene polymorphisms and
urinary 1-hydroxypyrene levels in coke oven workers [in Chinese]. Zhonghua Lao Dong Wei Sheng Zhi Ye Bing Za
Zhi. 2009;27(5):270-275.
41. Shi X, Zhou S, Wang Z, Zhou Z, Wang Z. CYP1A1 and GSTM1 polymorphisms and lung cancer risk in Chinese
populations: a meta-analysis. Lung Cancer. 2008;59(2):155-163. doi:10.1016/j.lungcan.2007.08.004
42. Tekpli X, Zienolddiny S, Skaug V, Stangeland L, Haugen A, Mollerup S. DNA methylation of the CYP1A1
enhancer is associated with smoking-induced genetic alterations in human lung. Int J Cancer. 2012;131(7):
1509-1516. doi:10.1002/ijc.27421
43. Breton CV, Marsit CJ, Faustman E, et al. Small-magnitude effect sizes in epigenetic end points are important in
children’s environmental health studies: the Children’s Environmental Health and Disease Prevention Research
Center’s Epigenetics Working Group. Environ Health Perspect. 2017;125(4):511-526. doi:10.1289/EHP595
SUPPLEMENT.
eTable 1. Previous Studies Characterizing the Association Between Aspects of the Neighborhood Environment and
the Epigenome
eAppendix 1. Additional Details on the E-Risk Study Sample
eFigure. The E-Risk Study Families’ Addresses Are a Near-Perfect Match to the Deciles of the UK Government’s
Index of Multiple Deprivation
eAppendix 2. Additional Details on the Neighborhood Characteristics and Data Sources for the Neighborhood
Disadvantage or Ecological Risk Index
eTable 2. Means and Standard Deviations of Neighborhood Measures and Their Correlations With One Another
eAppendix 3. Additional Details on the Measurement of DNA Methylation
eTable 3. Replication Candidate Stress Reactivity-Related and Inflammation-Related Genes
eAppendix 4. Additional Details on the Selection of Probes for the Candidate Genes Analysis
eAppendix 5. Additional Details on the Creation of Polyepigenetic Scores (for Obesity, Inflammation, and
Smoking) and the Measurement of Related Phenotypes
eTable 4. Association Between Neighborhood Disadvantage and DNA Methylation
eAppendix 6. Additional Details on the Measurement of Air Pollution Exposure
eTable 5. Association of the Top 20 Neighborhood Disadvantage EWAS Probes With Estimates of Participants’
Exposure to NOx and PM2.5
eReferences

JAMA Network Open. 2020;3(6):e206095. doi:10.1001/jamanetworkopen.2020.6095 (Reprinted)

Downloaded From: https://jamanetwork.com/ on 06/01/2020

June 1, 2020

13/13

